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Vascular Stenosis Screening by Intradialytic Shunt Sound Using Deep Learning
Yutaka SUZUKI'*
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STMEM: Short Time Maximum Entropy Method
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CNN: Convolutional Deep Neural Network
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1. CNN & FNN DEZEZE [%]

CNN FNN

Epoch | E® | SAK | Wi | EE SRR | &
50 85.8 85.6 0 75.9 71.6 0.0
100 93.8 87.1 34.7 88.9 80.0 25.0
150 94.4 90.7 59.7 89.5 85.8 48.6
200 96.3 91.8 722 94.4 92.9 56.9
250 96.3 93.6 80.6 96.9 95.9 56.9
300 96.3 95.6 76.4 97.5 96.9 65.3
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